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ABSTRACT Non-governmental organizations (NGOs) are a core component of global gover-
nance. Over the last two decades, however, many host governments have cracked down on
NGOs using a series of laws that adversely affect the availability and use of traditional NGO
funding. In response to this dramatic shift in the funding landscape, international NGOs
have increasingly turned to individual donors to offset the loss funding. Prior research on
NGO fundraising has examined how financial transparency and organizational accountabil-
ity influence individual donor behavior. How do these elements of private donor decision-
making interact with structural-level factors such as worsening host country civic environ-
ments when deciding to donate? Using a conjoint experiment with likely donors in the US,
we find that transparency and accountability can protect against the dampening effect of
host government crackdown and criticism of NGOs. Our results have important implications
for how NGOs can adapt to worsening civic environments.

KEYWORDS philanthropy; conjoint experiments; donor heuristics; repression; NGOs; civil society;
nonprofits

Non-governmental organizations (NGOs) face stricter regulations from their host
governments (Bakke et al., 2020; Christensen & Weinstein, 2013; K. E. Dupuy et al.,
2016; Glasius et al., 2020). Repressive governments have cracked down on these or-
ganizations using both violence, as well as administrative crackdown, which create
barriers to funding and advocacy for a variety of NGOs (Chaudhry, 2022; K. E. Dupuy
et al., 2016; Heiss, 2017). Policymakers have referred to this phenomenon as the “closing
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of civic space” or “shrinking civic space” (Carothers & Brechenmacher, 2014; Rutzen,
2015). Data from the CIVICUS Civil Society Monitor shows that civil society groups
face serious restrictions in more than 60% of countries—117 in total (CIVICUS, 2023).
These attacks—most of which have been implemented through anti-NGO laws—have
adversely affected the ability of both domestic and international NGOs to operate and
raise funds. Official aid funds have decreased substantially in countries that have im-
posed restrictive anti-NGO legislation (Chaudhry & Heiss, 2018; K. Dupuy & Prakash,
2018) and official donors channel fewer funds to contentious issues such as human
rights, elections, and advocacy, and instead choose to fund “tame” causes bush as health,
education, and development, among others (Bush, 2015; Chaudhry & Heiss, 2018; Her-
rold, 2020; Right et al., 2022). In response to this dramatic shift in the NGO funding
landscape, international NGOs (INGOs) have increasingly turned to individual donors
abroad to offset the loss of funding from government and foundation sources (Banks et
al., 2015).

The amount of private foreign aid is not insignificant—from 2000–2010, private giv-
ing by U.S. entities towards international causes doubled in real terms (Desai & Kharas,
2018, p. 505). In 2018, this amounted to $22.88 billion in individual donations ear-
marked specifically for international affairs INGOs (Giving USA, 2019). This turn to
private donors opens INGOs up to new dynamics in seeking out funds. Many orga-
nizations that had previously relied on governments and foundations had optimized
their fundraising strategies for those donors. But individual donors may behave dif-
ferently from governments and foundations, so INGOs need to adapt their fundraising
strategies to a different set of potential donors.

Individual donors have different preferences and rely on signals of effectiveness
that differ from the benchmarks that large donor agencies rely on. While INGOs have
control over organizational-level factors such as financial transparency and account-
ability that motivate donations, the political environment in the host countries INGOs
work in—including the global crackdown on civil society that is causing many organi-
zations to seek out private funding in the first place—is a structural factor that INGOs
can rarely influence on their own. How do organizational elements of private donor
decision-making interact with broader structural limits on INGO fundraising? How
do individual donors in the U.S. feel about donating to legally besieged NGOs abroad?
How do organizational-level factors such as financial transparency and accountability
compare with more structural-level factors such as host country civic environments
when deciding to donate?

Existing research shows that organizational accountability (Becker, 2018; Tremblay-
Boire & Prakash, 2017) and financial transparency (Harris & Neely, 2021; Saxton et al.,
2012; Vaccaro, 2006; Vaccaro & Madsen, 2006) play an important role in motivating
individual donors to donate to NGOs. We extend this literature by evaluating how
these organization-level characteristics influence private donor behavior in an era of
shrinking civic space. In considering this question, we engage with research on the
consequences of closing civic space on NGOs and donors (Chaudhry & Heiss, 2021; K.
Dupuy & Prakash, 2018; Fransen et al., 2021; Herrold, 2020; Right et al., 2022; Sund-
strom et al., 2022). We argue that both organization characteristics—such as an NGO’s
issue area, funding sources, and transparency and accountability practices—and exter-
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nal factors like an NGO’s host-country political environment act as heuristics that in-
fluence foreign private donors’ preferences.

We fielded a conjoint experiment to a nationally representative sample of 1,016 adults
in the US, which allows us to directly compare the relative impact of host government
repression of NGOs and organizational financial transparency and accountability on
individual donor preferences. The result of this experiment shows that both financial
transparency and accountability increase individuals’ willingness to donate to NGOs.
Conversely, learning about host government criticism and crackdown against NGOs
decreases the likelihood of donation by itself; however, organizational features such
as financial transparency and accountability can protect against this dampening effect.
These effect sizes are substantial: our key treatment effects have a magnitude of around
ten percentage points in the predicted probability of choosing to donate to an NGO.

Our findings make two main contributions. First, existing research on privately-
provided foreign aid primarily looks at organizations like foundations and large donor
NGOs, and not private individuals (Büthe et al., 2012; Desai & Kharas, 2018; Koch, 2009),
and studies that do examine individual giving behavior typically only examine wealthy
individuals (U.S. Trust, 2014). Our research expands work on private international phi-
lanthropy by exploring how non-elite individuals decide to donate to NGOs focused
on international affairs. Second, research shows that NGO leaders often have diffi-
culty in attracting new donors and also find it challenging to motivate current donors
(Gaudreau & Cao, 2015). Examining organizational-level factors that make the average
donor increase their charitable giving, especially when facing restricted civic space
abroad, can help NGOs better frame their funding appeals. Moreover, our results pro-
vide guidance to organizations facing increased antagonism by governments abroad
and point to possible methods of adapting to worsening or shrinking civic space.

In the remainder of the paper, we provide an overview of current research on pri-
vate philanthropic giving to international NGOs. We use these existing theories to
hypothesize how organizational practices like financial transparency and accountabil-
ity influence individual donor behavior in an environment of closing civic space. We
then detail our conjoint study methodology and discuss our findings. Finally, we use
our results to offer insights for NGOs facing legal restriction abroad.

What determines individual donor behavior?
A large body of work in philanthropy explores the factors that shape private donor
motivation, including altruism, reputational benefits, and alignment with personal val-
ues (Bekkers & Wiepking, 2011; Bilodeau & Slivinski, 1997; Wiepking, 2010). How-
ever, this research has overwhelmingly looked at individual donor behavior and mo-
tivation for giving to domestic organizations instead of international causes (Bekkers
& Wiepking, 2011; Tremblay-Boire & Prakash, 2017). The geographic scope of an or-
ganization’s mission matters to donors. Giving to local organizations involves fewer
recipients and more observable results, while the benefits of donating to organizations
working abroad are less visible and more removed from donors (Casale & Baumann,
2015). In a survey experiment, Tremblay-Boire & Prakash (2017) confirm this, finding
that “donors are more likely to donate to a charity operating locally than to a charity
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providing identical service abroad” (2017, p. 644). This difference in donor preferences
for international NGO services has been understudied because conventionally, states
and foundations have been among the main funders of INGOs.

The third wave of democratization, the collapse of the Soviet Union, and the spread
of a “pro-NGO norm” have led to an increased role and visibility for NGOs in recent
decades (Reimann, 2006). Donor states have channeled substantial resources through
humanitarian and development NGOs, often in response to donor fears that recipient
states would use aid inefficiently (Dietrich, 2013). Institutional donors and private fun-
ders perceived NGOs as more efficient, more nimble, less bureaucratic, and more trust-
worthy than states that face poor governance andweak political institutions (Chaudhry,
2022), and as a result, NGOs have become crucial actors in both development and de-
mocratization (Herrold, 2020, pp. 142–143).

But as INGOs became increasingly powerful actors in global policy circles, they
faced a number of criticisms. Many organizations struggle with the conflicting impera-
tives of being large organizations that can operate efficiently at scale, whilemaintaining
the grassroots contacts and consensus building that contributed to their early successes
(Bano, 2012; Jalali, 2008; Mitchell et al., 2020; Rahman, 2006). Many nonprofit scan-
dals involve some form of financial wrongdoing (Prakash & Gugerty, 2010). Globally,
around 5% of revenue is lost annually due to fraud (Association of Certified Fraud Ex-
aminers, 2021). Misappropriation of assets and embezzlement schemes are among the
most common forms of financial fraud (Lamothe et al., 2023). These criticisms and
concerns, in turn, have led donors to demand greater NGO responsiveness, especially
regarding financial transparency and accountability.

Assessing an NGO’s deservingness and efficiency demands substantial time and re-
sources, which individual donors typically lack (Croson & Shang, 2011; Tremblay-Boire
& Prakash, 2017). As such, these donors rely on various cues and heuristics when decid-
ing to support an NGO. Nonprofits fundraising from individuals work to shape donor
perceptions through the use of framing (Chaudhry & Heiss, 2021). We explore two pos-
sible categories of heuristic frames: (1) organization-level heuristics, reflected in NGO
practices, and (2) structural heuristics, particularly an NGO’s relationship with its host
country. We hypothesize that each type plays a role in shaping individual preferences
for engaging in philanthropy.

Organizational heuristics: NGO practices
One powerful heuristic for potential donors is organizational efficacy or the belief that
an individual’s donation will make a real difference (Chaudhry & Heiss, 2021). This
can manifest itself through multiple mechanisms such as the amount an organization
spends on overhead costs, whether it makes its finances public, or whether it partic-
ipates in voluntary accountability practices, such as listing organizational details on
websites like GuideStar and Charity Navigator.

Financial transparency, or the “degree of completeness of information provided by
[organizations] to the [public] concerning [their] activities,” (Vaccaro & Madsen, 2006,
p. 146) is one tangible heuristic that donors turn to when making decisions decisions.
NGOs can engage in financial transparency in a variety of ways such as distribution
of audited financial statements and third party intermediaries. Research shows that
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transparency is associated with greater donations, lower debt, and better governance
(Harris et al., 2023; Harris & Neely, 2021; Saxton et al., 2012). It can also enhance donor
trust and confidence in organizations (Vaccaro, 2006; Vaccaro & Madsen, 2006).

Previous research has found that media exposés about charity mismanagement can
generate negative reputational spillovers for the charitable sector (Gibelman &Gelman,
2004). Diversions, or the unauthorized use of an organization’s assets, including em-
bezzlement and theft can result in a decrease in donations. This effect becomes even
stronger withmedia coverage of diversion (Harris et al., 2023). Organizational financial
transparency can reduce actual or perceived information asymmetries between donors
and charities, thus potentially increasing an individual’s likelihood of donating to an
INGO.

H1a: If NGOs are financially transparent, then individual private donors
will have a higher likelihood of supporting or donating to them.

Accountability is another factor that can impact donor willingness to donate, and it
is necessary for promoting public trust in NGOs. While transparency is an organiza-
tion’s willingness to make critical data about the organization public, accountability is
the willingness of the organization to explain its action to shareholders (Charity Nav-
igator, 2020). It also encompasses how well an organization’s mission is aligned with
its resources and how it manages resources to optimize performance (Sloan, 2009). As
NGOs gain more prominence, donors demand more information about their activities
and strategies (Tremblay-Boire & Prakash, 2015). Explaining actions to stakeholders
can be important because many NGOs—even well-intentioned ones—can devote exces-
sive resources towards marketing and overheads (Bowman, 2006). Private donors, sub-
sequently, tend to avoid NGOs that spend a large share of their revenues for overhead,
non-mission-related purposes like administration, management and fundraising. The
absence of accountability is associated with decreased public trust, worse reputation,
and lower perceived quality (Becker, 2018).

Though individual donors would like to have some assurance that their resources
will be used appropriately and organizations are not spending too much on overhead,
individuals interested in supporting charities cannot thoroughly vet every aspect of
the organization (Chaudhry & Heiss, 2021; Tremblay-Boire & Prakash, 2017). To more
easily judge organizational accountability, donors may use ratings by watchdog orga-
nizations like Charity Navigator and GuideStar as heuristics to guide their decisions.
Research shows that initiatives to address accountability gaps by these organizations
can substantially increase donations (Gordon et al., 2009; Sloan, 2009; Tremblay-Boire
& Prakash, 2017).

H1b: If NGOs are accountable and hold regular third-party audits, then
individual private donors will have a higher likelihood of supporting or
donating to them.

Structural heuristics: Host country conditions
While NGOs have control over organizational factors such as transparency and account-
ability and can work to improve these characteristics and public perception of them,
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NGOs may have little to no control over structural factors that can also influence phi-
lanthropy. These structural factors include political contexts in NGO host countries,
especially their environments for civil society organizations. A global cascade of anti-
NGO laws in recent decades has created barriers to entry, funding, and advocacy for
civic organizations (Bakke et al., 2020; Chaudhry, 2022; K. E. Dupuy et al., 2016; Glasius
et al., 2020; Heiss, 2017). As a result, NGOs must spend more time, effort, and resources
to ensure their survival—at the expense of pursuing their missions.

Some NGOs have adapted to repressive environments by recreating their organiza-
tions and changing their mission to avoid directly confronting the government. Analyz-
ing the impact of anti-NGO laws in Bangladesh and Zambia, scholars have found that
when faced with government restrictions, NGOs with broad missions restricted their
strategies to service work and abandoned their advocacy work. Those that continued
to engage in transnational advocacy changed the targets of their advocacy, the issues
they focused on, and the language they used (Fransen et al., 2021). Similarly, in Russia,
many NGOs working with foreign partners and lobbying the central government no
longer consider it an effective strategy (Sundstrom et al., 2022). Overall, fewer groups
may end up focusing on contentious causes, instead focusing on regime-compatible
causes.

The changes in civic environments impacting NGO activity have also influenced offi-
cial donor responses. Scholars have found that while multilateral donors do not reduce
aid in response to anti-NGO laws, these laws are associated with a 32% decline in bilat-
eral aid inflows (K. Dupuy & Prakash, 2018). Further, advocacy-oriented donors—i.e.,
those that fund democracy and civil society promotion activities—reduced their spend-
ing by 74%, but did not cut their spending on development projects such as education,
health, water, and sanitation (Right et al., 2022). However, previous literature has es-
tablished that individual private donors do not make the same considerations as offi-
cial donors when deciding to donate (Chaudhry & Heiss, 2021; Desai & Kharas, 2018).
Private foreign aid does not have to deal with the same strategic and political consider-
ations as official aid and therefore, may be in a better position to respond to recipients’
needs on the grounds (Easterly & Williamson, 2011). Anti-NGO repression and civil
society laws may act as a heuristic to individuals donors that NGOs undertake crucial
work abroad, which is why governments perceive them as threatening and crack down
on them. Therefore, restrictions imposed by host-country governments are likely to
boost donors’ inclination to donate to affected organizations.

H2: If NGOs face legal crackdowns abroad, then individual private donors
will have a higher likelihood of supporting or donating to them.

Examining the joint impact of organizational and structural factors
Identifying the causal link between structural factors and donor behavior is more dif-
ficult than measuring the link between organizational factors and donor behavior be-
cause (1) NGOs have less direct control over their political environments, and (2) or-
ganizational characteristics like financial transparency and accountability can sour the
NGO-government relationship—governments may be more likely to target NGOs that
lack financial transparency and accountability. Moreover, states pass anti-civil soci-
ety laws in response to broader political trends within their borders, and they regulate
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NGOs strategically to maximize the benefits and minimize the costs of working with
international NGOs (Heiss, 2017). States are more likely to restrict NGOs when orga-
nizations pose a threat to regime stability or preferences—for instance, when INGO
issue areas threaten government policies, or when INGOs receive substantial foreign
funding (K. E. Dupuy et al., 2015).

Donors show increased willingness to donate to NGOs facing government crack-
down/criticism while being financial transparent and accountable. While concerns
about NGO mismanagement and lack of financial transparency may signal concerns
about an NGO’s operations and its ability to abide by the host country’s regulatory
environment, the presence of such transparency and accountability may instead con-
vince donors that government targeting of NGOs may be ill-intentioned rather than
simply a manifestation of financial oversight. Donors may view anti-NGO laws and
inhospitable civic environments as a sign of governments looking to crack down on
groups that seek to keep governments accountable, rather than merely auditing and
punishing groups that violate routine regulations.

Therefore, both states and individual donors expand and contract their regulatory
environments (for states) and support (for donors) for NGOs in response to the inter-
play between domestic politics and organizational characteristics. The same NGO fea-
ture that can increase the likelihood of government crackdown can also simultaneously
serve as a donor heuristic and influence perceptions of NGO deservingness.

Research design
It is possible to study the effects of both organizational and structural heuristics on
donor decision making individually, but disentangling the interaction of the two
heuristics from individual donor characteristics adds complex dimensionality and
makes more standard experimental work difficult, costly, and statistically fraught.
To address this, we use conjoint analysis to simultaneously test individual donor
preferences in the face of both organizational and structural heuristics. Conjoint
analysis is generally applicable whenever individuals face complex, multi-dimensional
tradeoffs that make it difficult (or even impossible) to explicitly elicit preferences.
Conjoint designs have been used extensively in political science to study complex
preferences for elections, laws, public policy, and public opinion (Bansak et al., 2021;
Bremer & Bürgisser, 2023; Hainmueller et al., 2014; Kertzer et al., 2021; Mummolo,
2016), and conjoint experiments are becoming more common in nonprofit studies,
particularly for studying individual donor behavior (Bachke et al., 2014; Hirschmann et
al., 2022; Kottasz, 2004; Silvia et al., 2023). Knudsen & Johannesson (2019) argue that
research related to respondent opinions requires conjoint analysis because it accounts
for the masking effects of factors as well as the complexity of a respondent’s judgment
of credibility. Because we also want to capture the complexity of a respondent’s
judgment of philanthropic preferences, we use a conjoint experiment to measure
the causal effect of both organizational and structural heuristics on individuals’
preferences for donating to international NGOs.

A conjoint research design also allows us to calculate treatment effects even if re-
spondents do not see every combination of organization attributes, and correspond-
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ingly provides a substantial increase in statistical power. In standard factorial experi-
mental designs, participants would ordinarily need to be shown all possible combina-
tions of experimental attributes. In our experiment, we presented respondents with
six possible treatments with randomized attributes for each treatment, yielding 576
possible unique combinations of features. Even with respondents answering twelve
iterations of the experiment, not every combination was seen. However, as long as all
the possible organizational attributes are well randomized and there are no systematic
biases toward specific options (i.e. more respondents select the first option because it
is the first) or toward earlier iterations of attribute choices (i.e. respondents are more
careful and attentive for the first hypothetical organization than the last), we can pool
all observations together for specific attributes of interest while marginalizing across
all other attributes (Kertzer et al., 2021). This allows us to (1) estimate the effect of each
experimental treatment even if some unique combinations of attributes were unseen,
and (2) use a much smaller sample size than would be required in a more traditional
factorial design.

While the ability to select key attributes and marginalize over others provides us
with analytic flexibility, it also raises possible issues with multiple comparisons, p-
hacking, and selective cherry-picking (Bansak et al., 2021), especially given the fact
that we have 576 possible combinations of independent variables to explore. As such,
before launching the survey experiment, we preregistered a subset of confirmatory and
exploratory hypotheses at the Open Science Framework. These hypotheses deal specif-
ically with our key research questions about the effect of transparency, accountability,
and crackdown on the propensity to donate, along with comparison treatment effects
for organization brand name, issue area, and funding sources. We also examine the
interaction between transparency, accountability, and host-country relationships. Our
preregistration protocol is available at ANONYMIZED_URL and in the appendix, and our
data and reproducible code is available at ANONYMIZED_URL.1

Sample
We fielded our survey experiment through Centiment, which recruits representative
samples of paid (and highly engaged) survey participants online. To see how varying
NGO characteristics influence the decision to donate, our sample was representative of
the population of people who are likely to donate to charity. We asked potential partic-
ipants a screening question about their philanthropic behavior early in the survey—if a
participant responded that they give once every few years or never, they were disqual-
ified from the study. Our reported causal effects are therefore not representative of the
entire population and instead are only valid for people interested in charitable giving.
We also included an attention check question early in the survey and removed respon-
dents who failed the question. Importantly, these screening questions were presented
prior to the experimental manipulation to avoid post-treatment bias (Montgomery et
al., 2018). Following screening, we received 1,016 viable responses. Table A2, Table A3,

1For narrative purposes, we do not explore all our preregistered hypotheses in this study—many of them are
nested inside each other (e.g., the effect of branding and issue area and transparency and crackdown simul-
taneously). We instead focus here on the simplest, non-nested hypotheses. Following Willroth & Atherton
(2024), we outline all the deviations from our preregistration protocol in the appendix.
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and Table A4 provide a detailed breakdown of the individual characteristics of our sam-
ple. In general, respondents were well balanced across all pre-treatment characteristics,
including gender, age, education, income, and attitudes toward charity.
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Experimental design
After collecting baseline information on respondent demographics and attitudes to-
ward charity and voluntarism, we showed participants a set of randomly shuffled hy-
pothetical international NGOs described with randomly shuffled features or attributes.
In this paper, we hypothesize and empirically test the effect of financial transparency,
accountability, and host country relationship on the likelihood of donations. In our
experiment, we included a few additional treatments to aid with the interpretation and
comparison of effect sizes for our treatments of interest. In total, we varied six different
organizational and structural attributes that might have an effect on donor behavior: (1)
organization name and branding, (2) organization issue area, (3) financial transparency
practices, (4) accountability practices, (5) funding sources, and (6) relationship with
host government (see Table 1).

Table 1: All experimental features and levels included in the conjoint experiment

Purpose Feature/Attribute Levels

H1a Financial transparency (1) Doesn’t engage in transparency; (2) Engages in transparency

H1b Accountability (1) Doesn’t engage in accountability; (2) Engages in accountability

H2 Relationship with host
government

(1) Friendly relationship with government; (2) Criticized by
government; (3) Under government crackdown

Comparison Organization (1) Amnesty International; (2) Greenpeace; (3) Oxfam; (4) Red
Cross

Comparison Issue area (1) Emergency response; (2) Environment; (3) Human rights; (4)
Refugee relief

Comparison Funding source (1) Funded primarily by many small private donations; (2) Funded
primarily by a handful of wealthy private donors; (3) Funded
primarily by government grants

At the time of designing the study, Charity Navigator—a large database of U.S. non-
profit financial information—categorized international nonprofit activities into four
general causes: (1) development, (2) humanitarian relief, (3) international affairs and
human rights advocacy, and (4) environment.2 Accordingly, we used four nonprofits
that are stereotypical for each cause: the International Committee of the Red Cross (hu-
manitarian relief), Amnesty International (human rights), Oxfam (development), and
Greenpeace (environment). We also varied several other features, including four is-
sue areas (emergency response, environmental advocacy, human rights advocacy, and

2See http://web.archive.org/web/20170315000746/https://www.charitynavigator.org/index.cfm?bay=search.
categories&categoryid=7. Under the explicitly “International” category, Charity Navigator listed Develop-
ment and Relief Services; International Peace, Security, and Affairs; and Humanitarian Relief Supplies. The
“Environment” category is listed separately but contains many INGOs such as Greenpeace and the World
Wide Fund for Nature (WWF). At the time of writing, Charity Navigator had changed its taxonomy to
include 18 broader categories.
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refugee relief), two organizational practices (financial transparency and third-party ac-
countability audits), three funding sources (many small private donations, a handful of
wealthy private donors, and government grants), and three relationships with host gov-
ernments (friendly, criticized by the government, and under government crackdown).

After presenting respondents with a set of organizations, we asked them which of
the three they would be willing to donate to, along with an option for no selection (see
Table 2 for an example). We then repeated the process eleven more times for a total of
twelve randomized iterations of hypothetical combinations of attributes, resulting in
12,192 completed experimental tasks (12 iterations × 1,016 respondents).

Table 2: Example possible experimental task, with three randomized combinations of organizational at-
tributes

Attribute Option 1 Option 2 Option 3 None

Organization Greenpeace Oxfam Red Cross —

Issue area Environment Refugee relief Refugee relief —

Transparency Engages in
transparency

Doesn’t engage in
transparency

Doesn’t engage in
transparency

—

Accountability Engages in
accountability

Engages in
accountability

Engages in
accountability

—

Funding sources Funded primarily by a
handful of wealthy

private donors

Funded primarily by
government grants

Funded primarily by a
handful of wealthy

private donors

—

Relationship with
host government

Under government
crackdown

Criticized by
government

Criticized by
government

—

Modeling and estimands
Weanalyze the results using amultilevel Bayesianmultinomialmodel.3 Our experimen-
tal data has a natural hierarchical structure, with 3 questions nested inside 12 separate
experimental tasks, nested inside each of the 1,016 respondents, which lends itself to
multilevel modeling. Relying on standard OLS regression can discard valuable infor-
mation about (1) the relationships and covariance between the different combinations
of feature levels offered to respondents, and (2) individual-specific differences in how
respondents react to different feature levels (Jensen et al., 2021). Since it was impossi-
ble for every respondent to see every possible all 12,000 experimental tasks, multilevel
modeling allows us to pool together information about respondents with similar char-
acteristics facing similar sets of choices. Moreover, using random respondent effects

3We use Stan (Stan Development Team, 2023b, p. v2.26.1; 2023a, p. v2.3.1) through R (R Core Team, 2023, p.
v4.3.1) and brms (Bürkner, 2017, p. v2.20.5) to estimate the model. We simulate 4 MCMC chains with 5,000
draws in each chain, 1,000 of which are used for warmup, resulting in 16,000 (4,000 × 4) draws per model
parameter. We assess convergence with visual inspection, and all chains converge. Complete results from
all the models, along with posterior predictive checks, goodness-of-fit measures, and model diagnostics—as
well as our code and data—are available ANONYMIZED_URL.
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provides natural regularization and shrinkage for our estimates—experimental tasks
that happened to appear more often due to chance will be accounted for and their
frequency will not bias the overall causal effect. We define our model and priors in
Equation 1.

Multinomial probability of selection of choice𝑖 in respondent𝑗
Choice𝑖𝑗 ∼ Categorical({𝜇1,𝑖𝑗 , 𝜇2,𝑖𝑗 , 𝜇3,𝑖𝑗 })

Model for probability of each option

{𝜇1,𝑖𝑗 , 𝜇2,𝑖𝑗 , 𝜇3,𝑖𝑗 } = (𝛽0 + 𝑏0𝑗 ) + 𝛽1,2,3Organization𝑖𝑗 + 𝛽4,5,6Issue area𝑖𝑗+
𝛽7Transparency𝑖𝑗 + 𝛽8Accountability𝑖𝑗+
𝛽9,10Funding source𝑖𝑗 + 𝛽11,12Government relationship𝑖𝑗

𝑏0𝑗 ∼ 𝒩 (0, 𝜎0) Respondent-specific offsets from global probability

Priors

𝛽0…12 ∼ 𝒩 (0, 3) Prior for choice-level intercept and coefficients
𝜎0 ∼ Exponential(1) Prior for between-respondent variability

(1)

We do not include any respondent-level covariates beyond the treatment variables.
Because this is an experimental design, any statistical confounding is accounted for
during the process of randomization and covariates should have no systematic effect
on treatment effects. We do not work with the raw results of themodel directly (though
a complete table of results is included in Table A8). Given the conjoint design, we in-
stead create a complete balanced grid of all 576 combinations of feature levels (2 trans-
parency × 2 accountability × 3 government relationships × 4 organizations × 4 issues
× 3 funding) and use the model to calculate predicted probabilities of choice selection
for each row of possible treatment values. We then collapse this set of predicted proba-
bilities into estimated marginal means (EMMs) for specific features of interested while
marginalizing or averaging over all other predicted variables (Bremer&Bürgisser, 2023;
Leeper et al., 2020). We report the causal effect of each manipulated feature using the
average marginal component effect (AMCE), which is equivalent to the difference in
estimated marginal means for specific feature levels. For example, when estimating
the marginal means of the transparency treatment, we find the average predicted prob-
ability across the 288 rows of the reference grid where transparency is true and across
the 288 rows where transparency is false—the difference between these two estimated
marginal means is the AMCE, or the causal effect of the treatment holding all other
values constant, on the probability scale (see the appendix for an extended illustration
and demonstration of the EMM and AMCE calculating process).

Results
We present the posterior distributions of the marginal means and AMCEs for each of
our experimental conditions in Figure 1 and provide posterior medians, credible in-
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tervals, and other model diagnostics in Table A5 and Table A8. Because AMCEs are
relative statements (i.e. contrasts between one feature level and a reference level), we
try to use logical reference levels: for binary treatments like transparency and account-
ability, we calculate the difference between false and true levels; for ordered treatments
like host country relationship, we calculate the differences between different levels of
crackdown compared to no crackdown. To avoid imposing an artificial order on other
unordered treatment variables, we report both marginal means and AMCEs (Leeper et
al., 2020).

We provide viusalizations of the full posterior distributions of each of the effects
of interest, and we report two distributional summary statistics: (1) the posterior me-
dian, (2) credible intervals based on a 95% equal-tailed quantile interval, However, we
are generally less concerned with the exact point estimates of our causal effects and
instead focus on the direction and relative magnitude of their posterior distributions.
For inference, we calculate the probability of direction (𝑝𝑑 ), or the probability that the
posterior AMCE is strictly positive or negative—it is the proportion of the posterior
AMCE that is the sign of the median.

Effect of comparison treatments
To contextualize the magnitude of the causal effects for our hypotheses of interest, we
begin our analysis with a brief overview of the effects of organizational characteristics
that nonprofits have less direct control over: their brand name, their issue area, and
their funding sources. Brand recognition appears to be a powerful heuristic for donor
decision making. Respondents were substantially more likely to prefer an organization
when it was identified as the RedCross, with amedian posteriormarginalmean of 34.9%
(95% cred. int. = [0.339, 0.359])—ten percentage points higher than the 25% probability
that would be expected if respondents selected an organization at random. When using
Amnesty International as the reference category, the AMCE for the Red Cross is 12.3
percentage points (95% cred. int. = [0.110, 0.135]; 𝑝𝑑 = 1.00). Other organizations
see much smaller marginal means and AMCEs. Compared to Amnesty International,
Greenpeace causes a small 1.4 percentage point increase ([0.002, 0.025]; 𝑝𝑑 = 0.99) and
Oxfam causes a small 2.0 percentage point decrease ([−0.031, −0.008]; 𝑝𝑑 = 1.00) in
the probability of selecting an organization. The Red Cross brand name heuristic is the
strongest of all the experimental treatments and features, signifying the organization’s
brand power and goodwill among potential donors.

The issue area an organization works on also serves as a heuristic for donors. As
seen in the marginal means in Figure 1, organizations focused on human rights and
emergency response are more popular than those working on issues related to the en-
vironment or refugee relief. When using emergency response (the most popular issue)
as the reference category for AMCEs, working with human rights causes a 1.2 percent-
age point decrease ([−0.025, 0.000]; 𝑝𝑑 = 0.97), while environmental and refugee relief
issues see 4.2 ([−0.054, −0.030]; 𝑝𝑑 = 1.00) and 5.6 ([−0.068, −0.044]; 𝑝𝑑 = 1.00) per-
centage point decreases, respectively. To put these effects in context, these effects are
smaller than the the Red Cross effect and a little larger than the Oxfam and Greenpeace
effects.
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Figure 1: Estimated marginal means and average marginal component effects for conjoint experiment
results
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Finally, an organization’s primary funding source also serves as a reliable donor
heuristic. Organizations that are funded by many small donors are substantially more
popular than those funded by government grants or a small group of wealthy donors—
when compared to many small donors, both government and wealthy individual fund-
ing cause 3.5 and 4.2 percentage point decreases in the probability of selection ([−0.046,
−0.025]; 𝑝𝑑 = 1.00 and [−0.052, −0.031]; 𝑝𝑑 = 1.00). These effects follow existing research
on donor efficacy (Chaudhry & Heiss, 2021)—when donors know that an organization
is funded by others like themselves and that the marginal benefit of their individual
donation is important, they are more likely to donate. In contrast, when donors know
that an organization’s funding does not come from the public and instead comes from
a few wealthy donors or large government grants, the marginal benefit they receive
from donating decreases and they are less likely to donate. Donors therefore appear to
be motivated by some degree of personal efficacy.

Effect of transparency and accountability
Having explored the effects of general organizational characteristics on the propensity
to donate, we can test our first hypotheses and examine the effects of our treatments of
interest. As seen in the marginal means in Figure 1, both transparency and accountabil-
ity are strong signals of organizational deservingness. Respondents strongly prefer or-
ganizations that engage in either transparency or accountability—both treatments have
a posterior marginal mean of roughly 30% compared to a baseline equally-at-random
probability of 25% (transparency: 0.307; [0.299, 0.314]; accountability: 0.306; [0.298,
0.313]). The AMCEs for each treatment show a roughly 10 percentage point increase
in the probability of selection compared to organizations that do not engage in trans-
parency or accountability (transparency: 0.103; [0.095, 0.112]; 𝑝𝑑 = 1.00; accountability:
0.101; [0.092, 0.110]; 𝑝𝑑 = 1.00). This effect is nearly the same order of magnitude as
the Red Cross effect—an NGO that chooses to be more transparent or that takes steps
to demonstrate greater accountability can expect to see an increase in the probability
of selection equivalent to the boost of the brand name effect associated with the Red
Cross. As predicted, we thus find strong support for both H1a and H1b: if NGOs are
financially transparent or engage in accountability practices, then individual private
donors are roughly 10 percentage points more likely to donate to them. Donors appear
to reward NGOs for their efforts to disclose their funding and be more transparent.

There is also some evidence that these two effects are equivalent and perhaps inter-
changeable. Figure 2 (and Table A6) shows the posterior marginal means for all four
combinations of possible levels of transparency and accountability. When respondents
see both as “no” simultaneously, the estimated marginal mean is lower than any of the
individual treatments in Figure 1, at 16.0% ([0.154, 0.166]), or 9 percentage points lower
than the baseline probability of 25%. When either transparency or accountability is set
to “yes”, the estimatedmarginal mean is essentially identical at 30.7% and 30.6%, respec-
tively. When both treatments are set to “yes”, the estimated marginal mean is 36.4%
([0.355, 0.374]), which is roughly the same as the overall estimated marginal mean for
the Red Cross. Holding all other treatments constant, the effect of transparency and
accountability practices on their own are generally the same, and when combined, the
overall favorability of the organization increases substantially. This could indicate that
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donors do not care about which specific type of organizational practice an NGO en-
gages in and that instead they are looking for some sort of signal that the organization
is following best practices in transparency or accountability.

Accountability

No Yes

T
ra
ns
pa
re
n
cy

N
o

Ye
s

15% 20% 25% 30% 35% 15% 20% 25% 30% 35%

Marginal means of probabilities

Figure 2: Estimated marginal means for the four combinations of transparency and accountability.

Effect of crackdown
To test our second hypothesis regarding structural heuristics, we explore the effect of
an NGO’s host country conditions on the propensity to donate. Contrary to our expec-
tations, respondents appear to prefer donating to NGOs with friendly host government
relationships, with a marginal mean of 31.3% (compared to a baseline of 25%; [0.305,
0.322]). Respondents are less likely to donate when an organization is criticized by its
host government, and far less likely when an organization faces crackdown. Compared
to other treatments, an organization facing crackdown elicits a similar negative prefer-
ence among potential donors as an organizationwithout transparency or accountability
measures. However, an organization with a friendly relationship with the host govern-
ment leads potential donors to perceive it as equivalent to engaging in transparency or
accountability.

In addition to these overall trends in preferences, we can measure the causal ef-
fect of moving from friendly NGO–government relations to a more antagonistic rela-
tionship. Using friendly relationship as the reference category, facing criticism by the
host government causes a 7.0 percentage point reduction in the probability of selection
([−0.080, −0.059]; 𝑝𝑑 = 1.00). Participants respond more strongly as the relationship
becomes more conflictual and restricted—an NGO facing crackdown sees a 10.4 per-
centage point reduction ([−0.115, −0.094]; 𝑝𝑑 = 1.00) in support. We thus find strong
evidence against H2: if NGOs face crackdown abroad, individual donors are less likely
to donate to them. For context, the causal effect of facing crackdown is the same mag-
nitude as the Red Cross branding effect, but in the opposite direction—donors seem
to penalize NGOs facing criticism to the same extent that they reward the Red Cross.
This result is surprising, but clarifies findings in previous research. In a similar vignette-
based experiment, Chaudhry & Heiss (2021) find no substantial effect of legal restric-
tions on the probability of donation, and any substantive crackdown-related effects are
moderated by other treatments like NGO issue area or funding source. This negative
effect might also be related to the notion of donor efficacy. When deciding how to
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maximize the impact or marginal benefit of their individual donation, donors look for
signals that their money will make a difference. Transparency and accountability prac-
tices, in addition to knowing that other individuals regularly support the organization,
all act as heuristics of efficacy. An NGO facing criticism or crackdown abroad, on the
other hand, may signal that potential donations could be used for legal fees, or sig-
nal that the NGO had perhaps done something to deserve the legal limitations it faces.
Crackdown thus serves as a negative heuristic, signaling that donations might not be
used as effectively as donors might hope.

The interaction between transparency, accountability, and crackdown
Financial transparency and accountability practices both have a positive (and likely in-
terchangeable) effect on NGO favorability, while government criticism and crackdown
have a negative effect and discourage potential donors from donating. As seen in Fig-
ure 3 (and Table A7), these heuristics also interact with each other.4 The estimated
posterior marginal means for different relationships with host governments move in
the same direction regardless of whether an organization engages in transparency prac-
tices: organizations with no conflict are most preferred, while organizations under
government crackdown are least preferred. Transparency practices in the presence of
crackdown seem to have two general effects. First, engaging in transparency offsets
most of the negative effect of facing crackdown. The estimated marginal mean for an
organization with friendly host government relationships and no transparency is 25.4%,
which is equivalent to the estimated marginal mean for an organization under govern-
ment crackdown that does engage in transparency. On average, donors are indifferent
to both situations—again, a marginal mean of 25% represents the probability of select-
ing an organization at random—but the presence of transparency shifts NGOs facing
crackdown from negatively preferred to indifferent, while the absence of transparency
shifts NGOs with friendly relationships from positively preferred to indifferent. From
a practical perspective, this suggests that NGOs under crackdown can focus on improv-
ing specific organizational practices to offset the negative signals that accompany their
legal difficulties.

Second, worsening host government relationships weaken the positive effect of
transparency. On its own, as seen in Figure 1, engaging in transparency causes a 10.3
percentage point increase in the probability of a respondent selecting an organization.
The right panel of Figure 3 (and Table A7) shows how the causal effect of transparency
changes across different types of government relationships. These AMCEs represent
the difference in the estimated posterior marginal means of the two levels of trans-
parency in the left panel. The effect shrinks as relationships become more negative:
under friendly conditions, the median posterior AMCE of transparency is 11.8 percent-
age points ([0.108, 0.128]; 𝑝𝑑 = 1.00); when an NGO is criticized, the transparency effect
is 10.1 percentage points ([0.092, 0.110]; 𝑝𝑑 = 1.00); when an NGO faces crackdown, the
effect drops to 9.1 percentage points ([0.083, 0.098]; 𝑝𝑑 = 1.00). The causal effect re-
mains substantially positive regardless of the relationship—even under the worst con-

4We only show the interaction of transparency and crackdown in Figure 3. Given the near interchangeability
of the two treatments, the interaction between accountability and crackdown is nearly identical. We include
both transparency and accountability in Table A7.
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Figure 3: Estimatedmarginal means and averagemarginal component effects for the interaction between
transparency and crackdown

ditions, engaging in transparency causes a 9 percentage point boost—suggesting that
NGOs facing crackdown can still increase their favorability with donors by signalling
their commitment to transparency and accountability.

Conclusion
Over recent years, governments globally have systematically controlled and repressed
NGOs using both violent tactics and legal means. This trend of closing civic space
has important implications for local and international NGOs as well as donors. Recent
research has analyzed the impact of this crackdown on public or official aid donors
(K. Dupuy & Prakash, 2018; Herrold, 2020; Right et al., 2022). However, we know
relatively little about how state repression of NGOs affects the preferences of foreign
private donors (Chaudhry & Heiss, 2021). Unlike state donors, individual donors have
different motivations for engaging in philanthropy, and they may not necessarily with-
draw or reduce support for NGOs facing harassment abroad. This is important because
private philanthropy towards organizations working in international affairs continues
to grow despite inflation—from 2021 to 2022, individual giving to nonprofits in inter-
national affairs grew by over 10.9% in the US (Indiana University Lilly Family School
of Philanthropy, 2023).

Given the increasing hurdles faced by these nonprofits, how do individual donors in
the U.S. feel about donating to legally besieged NGOs abroad? How do organizational-
level factors such as financial transparency and accountability compare with more
structural-level factors such as host country civic environments when deciding to do-
nate? Using a conjoint experiment, we demonstrate that organizational and structural
characteristics of NGOs serve as cues or heuristics that influence donor preferences.
Organizational practices like financial transparency and accountability increase will-
ingness to donate to NGOs. Learning about host government criticism and crackdown
against NGOs decreases the likelihood of donation by itself; however, financial trans-
parency and accountability protect against this dampening effect, increasing the proba-
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bility of philanthropic donations by nine percentage points under the worst conditions
of legal crackdown. Our results highlight the importance of organizational character-
istics like transparency and accountability even in an era of closing civic space.

These results have important implications for NGO operations, fundraising, and sur-
vivability at a time when many INGOs are dealing with hostile host governments. A
comparison of the effects of these organizational and structural factors is critical to
NGO fundraising—while NGOs have control over transparency and accountability, as
well as public perception of these organizational characteristics, they have little to no
control over host government crackdowns over their organizations. As a result, they
may need to rely entirely on improving individual donor perceptions of organizational
transparency and accountability and emphasizing the need for private donor funds at a
time of shrinking civic space. This article thus provides insight into the importance of
different framing or informational heuristics that can motivate such individual donor
giving.

The responses of elite donors and foundations to government crackdown on civil
society organizations remains a ripe area for research. Future research should test how
well these results map on to elite individual donors and foundations—not just the av-
erage private donor. As large foundations are more likely to publish data about their
giving than the average private donor, it may be possible to determine how the changes
in preferences elicited by these heuristics translate into actual donation behavior. Fu-
ture work should also test how these findings translate to non-American populations.
Due to structural differences in the European nonprofit sector, where NGOs rely less
on government funding and more on private funding (Stroup, 2012), donors are likely
motivated by different concerns. Government crackdown on civil society organiza-
tions is even more challenging for local NGOs in Global South countries, where much
government and public support is channeled through service delivery organizations.
Domestic NGOs that work on more contentious issues may not be able to raise money
locally, as individuals may prefer donating to service organizations focusing on health,
education, and poverty (Absar et al., 2017). Moreover, individual donors might also
avoid giving to organizations focusing on contentious causes such as advocacy, media
freedom, and anti-corruption initiatives due to unfavorable tax benefits or fear of retri-
bution (Baoumi, 2016; Brechenmacher, 2017; K. E. Dupuy et al., 2015). Future research
should examine how local NGOs can overcome individual foreign donors’ concerns
about host governments’ criticisms of and crackdown on these groups.
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Appendix
Calculating marginal means and AMCEs from a multinomial model using a
reference grid
To find the causal effects defined in each of our estimands, we calculate estimated
marginal means (EMMs) by finding the fitted probability-scale values for each cell in
a balanced reference grid of all 576 possible combinations of feature levels (2 trans-
parency × 2 accountability × 3 government relationships × 4 organizations × 4 issues
× 3 funding = 576 rows). We then calculate group averages and contrasts in group av-
erages for each of the features of interest, marginalizing over all other features. At its
core, a “marginal mean” refers to the literal mean in the margins in a contingency ta-
ble of model predictions, and differences in marginal means are equivalent to marginal
effects or regression coefficients.

When working with the results for our multinomial regression model, we rely on
estimated marginal means rather than raw regression coefficients because of the com-
plexity of the model. As seen in Table A8, the model returns three sets of coefficients
per conjoint level. Each coefficient shows the shift in probability that someone will
choose an organization from column 1, column 2, or column 3, so we get a coefficient
for each of those outcomes (or µ1, µ2, and µ3). Under experimental conditions where
cells in the contingency table are randomly assigned, it is safe to assume that the cell
proportions are equal and then marginalize (i.e. find the average) across the rows or
columns. This allows us to take the average of each set of coefficients (e.g. µ1, µ2, and
µ3 for “Transparency = Yes”) to create a single value per coefficient.

To convert EMMs and AMCEs to a more interpretable probability scale (rather than
the original log odds scale), we generate predicted values (marginalized across the three
µ terms) for each of the 576 unique combinations of feature levels. Table A1 provides
an excerpt from this grid, showing six rows where accountability, organization, issue
area, and funding are identical and held constant, while transparency and government
relations vary.

To calculate the marginal mean for a feature, we find the average predicted value
across each the levels of that feature. To illustrate, assume that Table A1 represents
the full reference grid of all experimental features and levels. The marginal means
for transparency would be (0.486 + 0.396 + 0.347)/3 = 0.410 when transparency is set
to “no”, and (0.626 + 0.537 + 0.485)/3 = 0.549 when transparency is set to “yes”. In
reality, the marginal mean for transparency reported in Figure 1 and Table A5 reflects
the average of 288 rows where transparency is no and 288 rows where transparency is
yes.

To calculate the AMCE for a feature, we find the difference in estimated marginal
means. If we again assume that Table A1 contains the full reference grid, the AMCE
for transparency would be 0.549 − 0.410, or 0.140, or 14 percentage points. Again, this
is not actually the true causal effect—the real AMCE in Figure 1 and Table A5 is the
difference in marginal means for the 288 rows where transparency is no and the 288
rows where transparency is yes.

Additional tables
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Organization Issue Transparency Accountability Funding Government EMM

Red Cross Emergency
response

Transparency:
No

Accountability:
Yes

Funded
primarily by
many small
private
donations

Friendly
relationship
with
government

0.486

Red Cross Emergency
response

Transparency:
No

Accountability:
Yes

Funded
primarily by
many small
private
donations

Criticized by
government

0.396

Red Cross Emergency
response

Transparency:
No

Accountability:
Yes

Funded
primarily by
many small
private
donations

Under
government
crackdown

0.347

Red Cross Emergency
response

Transparency:
Yes

Accountability:
Yes

Funded
primarily by
many small
private
donations

Friendly
relationship
with
government

0.626

Red Cross Emergency
response

Transparency:
Yes

Accountability:
Yes

Funded
primarily by
many small
private
donations

Criticized by
government

0.537

Red Cross Emergency
response

Transparency:
Yes

Accountability:
Yes

Funded
primarily by
many small
private
donations

Under
government
crackdown

0.485

Table A1: Excerpt from complete reference grid of all 576 possible combinations of attribute features and
levels
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Table A2: Demographics

Demographics

Response N %

Gender

Male 517 50.9%
Female 485 47.7%
Transgender 8 0.8%
Prefer not to say 3 0.3%
Other 3 0.3%

Age

Less than 2017 national median (36) 179 17.6%
More than median 837 82.4%

Marital status

Married 403 39.7%
Widowed 21 2.1%
Divorced 104 10.2%
Separated 35 3.4%
Never married 453 44.6%

Education

Less than high school 25 2.5%
High school graduate 270 26.6%
Some college 287 28.2%
2 year degree 138 13.6%
4 year degree 206 20.3%
Graduate or professional degree 82 8.1%
Doctorate 8 0.8%

Income

Less than 2017 national median
($61,372)

585 57.6%

More than median 431 42.4%
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Table A3: Attitudes toward charity

Attitudes toward charity

Response N %

Frequency of donating to charity

More than once a month, less than once
a year

566 55.7%

At least once a month 450 44.3%

Amount of donations to charity last year

$1-$49 337 33.2%
$50-$99 245 24.1%
$100-$499 233 22.9%
$500-$999 107 10.5%
$1000-$4,999 65 6.4%
$5000-$9,999 18 1.8%
$10,000+ 11 1.1%

Importance of trusting charities

1 (not important) 7 0.7%
2 9 0.9%
3 21 2.1%
4 98 9.6%
5 168 16.5%
6 157 15.5%
7 (important) 556 54.7%

Level of trust in charities

1 (no trust) 14 1.4%
2 20 2.0%
3 68 6.7%
4 257 25.3%
5 328 32.3%
6 169 16.6%
7 (complete trust) 160 15.7%

Frequency of volunteering

Haven’t volunteered in past 12 months 423 41.6%
Rarely 20 2.0%
More than once a month, less than once
a year

322 31.7%

At least once a month 251 24.7%
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Table A4: Politics, ideology, and religion

Politics, ideology, and religion

Response N %

Frequency of following national news

Rarely 88 8.7%
Once a week 216 21.3%
At least once a day 712 70.1%

Traveled to a developing country

Yes 250 24.6%
No 766 75.4%

Voted in last election

Yes 742 73.0%
No 274 27.0%

Trust in political institutions and the state

1 (no trust) 123 12.1%
2 155 15.3%
3 207 20.4%
4 276 27.2%
5 151 14.9%
6 49 4.8%
7 (complete trust) 55 5.4%

Political ideology

1 (extremely liberal) 87 8.6%
2 87 8.6%
3 112 11.0%
4 363 35.7%
5 175 17.2%
6 80 7.9%
7 (extremely conservative) 112 11.0%

Involvement in activist causes

Not involved 569 56.0%
Involved 447 44.0%

Frequency of attending religious services

Not sure 11 1.1%
Rarely 600 59.1%
At least once a month 405 39.9%

Importance of religion

Not important 338 33.3%
Important 678 66.7%
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Table A5: Complete results

Feature Posterior EMM* Contrast Posterior AMCE* pdirection
†

Transparency

Yes 0.307
[0.299, 0.314] Yes−No 0.103

[0.095, 0.112] 1.00

No 0.204
[0.198, 0.210] (Reference) — —

Accountability

Yes 0.306
[0.298, 0.313] Yes−No 0.101

[0.092, 0.110] 1.00

No 0.205
[0.198, 0.211] (Reference) — —

Relationship with host government

Under government
crackdown

0.209
[0.201, 0.216] Under government crackdown−Friendly relationship

with government

−0.104
[−0.115, −0.094] 1.00

Criticized by government 0.244
[0.236, 0.252] Criticized by government−Friendly relationship with

government

−0.070
[−0.080, −0.059] 1.00

Friendly relationship with
government

0.313
[0.305, 0.322] (Reference) — —

Organizations

Red Cross 0.349
[0.339, 0.359] Red Cross−Amnesty International 0.123

[0.110, 0.135] 1.00

Oxfam 0.206
[0.198, 0.215] Oxfam−Amnesty International −0.020

[−0.031, −0.008] 1.00

Greenpeace 0.240
[0.231, 0.249] Greenpeace−Amnesty International 0.014

[0.002, 0.025] 0.99

Amnesty International 0.226
[0.217, 0.235] (Reference) — —

Issue areas

Refugee relief 0.227
[0.218, 0.236] Refugee relief−Emergency response −0.056

[−0.068, −0.044] 1.00

Human rights 0.270
[0.261, 0.280] Human rights−Emergency response −0.012

[−0.025, 0.000] 0.97

Environment 0.241
[0.232, 0.250] Environment−Emergency response −0.042

[−0.054, −0.030] 1.00

Emergency response 0.283
[0.273, 0.292] (Reference) — —

Funding sources

Funded primarily by
government grants

0.245
[0.237, 0.253] Funded primarily by government grants−Funded

primarily by many small private donations

−0.035
[−0.046, −0.025] 1.00

Funded primarily by a
handful of wealthy private
donors

0.239
[0.231, 0.247] Funded primarily by a handful of wealthy private

donors−Funded primarily by many small private
donations

−0.042
[−0.052, −0.031] 1.00

Funded primarily by many
small private donations

0.281
[0.273, 0.289] (Reference) — —

*Values are on the percentage-point scale; single value is posterior median; 95% credible interval in brackets.
†The probability of direction (pdirection) is the probability that the posterior AMCE is strictly positive or negative—it is the
proportion of the posterior AMCE that is the sign of the median.
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Table A6: Marginal means for all combinations of transparency and accountability

Features Posterior EMM*

Transparency: No

Accountability: No 0.160
[0.154, 0.166]

Accountability: Yes 0.306
[0.298, 0.313]

Transparency: Yes

Accountability: No 0.307
[0.299, 0.314]

Accountability: Yes 0.364
[0.355, 0.374]

*Values are on the percentage-point scale; single value is posterior median; 95% credible interval in brackets.
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Table A7: Marginal means and AMCEs for interaction between transparency, accountability, and govern-
ment relationships

Feature Posterior EMM* Contrast Posterior ∆* pdirection†

Relationship with government: Under government crackdown

Transparency: Yes 0.254
[0.245, 0.264] Yes−No 0.091

[0.083, 0.098] 1.000

Transparency: No 0.163
[0.156, 0.171] (Reference) — —

Accountability: Yes 0.253
[0.244, 0.263] Yes−No 0.089

[0.081, 0.097] 1.000

Accountability: No 0.164
[0.157, 0.172] (Reference) — —

Relationship with government: Criticized by government

Transparency: Yes 0.294
[0.284, 0.304] Yes−No 0.101

[0.092, 0.110] 1.000

Transparency: No 0.193
[0.185, 0.201] (Reference) — —

Accountability: Yes 0.293
[0.283, 0.303] Yes−No 0.099

[0.090, 0.108] 1.000

Accountability: No 0.194
[0.186, 0.202] (Reference) — —

Relationship with government: Friendly relationship with government

Transparency: Yes 0.372
[0.361, 0.383] Yes−No 0.118

[0.108, 0.128] 1.000

Transparency: No 0.254
[0.245, 0.264] (Reference) — —

Accountability: Yes 0.371
[0.360, 0.382] Yes−No 0.115

[0.105, 0.125] 1.000

Accountability: No 0.256
[0.246, 0.265] (Reference) — —

*Values are on the percentage-point scale; single value is posterior median; 95% credible interval in brackets.
†The probability of direction (pdirection) is the probability that the posterior difference in marginal means is
strictly positive or negative—it is the proportion of the posterior difference in marginal means that is the
sign of the median.
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Table A8: Original model coefficients

Posterior medians 95% credible intervals

Feature µ1 µ2 µ3 µ1 µ2 µ3

Transparency Transparency × Yes 0.52 0.61 0.59 [0.45, 0.60] [0.54, 0.69] [0.51, 0.67]
Accountability Accountability × Yes 0.53 0.60 0.56 [0.45, 0.60] [0.53, 0.68] [0.48, 0.64]
Relationship with host government Criticized -0.35 -0.42 -0.32 [-0.44, -0.26] [-0.51, -0.34] [-0.41, -0.23]

Under crackdown -0.54 -0.62 -0.57 [-0.63, -0.45] [-0.71, -0.53] [-0.66, -0.47]
Organizations Greenpeace 0.162 0.097 -0.024 [0.053, 0.270] [-0.011, 0.204] [-0.134, 0.087]

Oxfam -0.061 -0.136 -0.166 [-0.175, 0.051] [-0.246, -0.025] [-0.279, -0.054]
Red Cross 0.79 0.6 0.51 [0.69, 0.89] [0.5, 0.7] [0.41, 0.62]

Issue areas Environment -0.29 -0.18 -0.22 [-0.39, -0.18] [-0.28, -0.08] [-0.33, -0.11]
Human rights -0.029 -0.130 -0.039 [-0.127, 0.069] [-0.232, -0.028] [-0.145, 0.069]
Refugee relief -0.38 -0.29 -0.27 [-0.48, -0.28] [-0.39, -0.18] [-0.38, -0.16]

Funding sources Few wealthy donors -0.26 -0.123 -0.32 [-0.35, -0.17] [-0.213, -0.033] [-0.41, -0.22]
Government grants -0.24 -0.17 -0.165 [-0.33, -0.16] [-0.26, -0.08] [-0.257, -0.072]

Intercept Intercept -2.3 -2.4 -2.4 [-2.5, -2.2] [-2.5, -2.2] [-2.5, -2.2]
N 36576 36576

Estimates are median posterior log odds from a multinomial logistic regression model with three possible categories, and the columns for µ1, µ2, and µ3 represent
estimates for each of the outcomes; 95% credible intervals (equal-tailed quantile intervals) in brackets.
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Preregistration deviations
We made the following deviations from our preregistered protocol (Willroth & Ather-
ton, 2024):

1. Type Analysis
Reason New knowledge
Timing After results known
Original wording “We will examine the aggregate marginal posterior distribu-

tions of the attribute levels”
Deviation description This statement was vague and seemed to imply that we

would analyze the results of the model by looking only at the raw model
coefficients. While is is possible to calculate exact feature contrasts by sum-
ming specific combinations of coefficients, we instead calculated estimated
marginal means and their contrasts (or AMCEs) using the fitted model.

Reader impact This deviation should improve readers’ interpretation of the find-
ings, since the reported results are no longer on a log-odds or logit scale,
and instead are on a more interpretable percentage point scale—estimated
marginal means show the percent of respondents who support an NGO
given a specific features, while AMCEs show the percentage point change
in support when moving from one feature to another. The risk of bias is
minimal as the underlying results are identical whether reported as logit-
scale coefficients or marginal means.

2. Type Hypotheses
Reason Stylistic
Timing After results known
Original wording Q5a: “Donors will show increased willingness to donate to

NGOs that are financially transparent”
Deviation description We rephrased this as H1a: “If NGOs are financially trans-

parent, then individual private donors will have a higher likelihood of sup-
porting or donating to them.”

Reader impact This deviation has minimal impact on readers’ interpretation of
the findings—it is only rephrased to follow an “if… then…” formulation.

3. Type Hypotheses
Reason New knowledge + stylistic
Timing Direction restated after data collection, but before results were known;

“if… then…” formulation added after results known
Original wording Q5f: “Donors should be no more or less likely to donate to

NGOs that are accountable and hold regular third party audits”
Deviation description We rephrased this as H1b: “If NGOs are accountable and

hold regular third-party audits, then individual private donors will have a
higher likelihood of supporting or donating to them.”
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Reader impact This deviationmight have some impact on readers’ interpretation
of the findings. This deviation was the result of misunderstanding existing
work on the effect of nonprofit accountability on donor behavior, and we
hypothesized that there would be no effect, contrary to what is predicted
by previous research. The risk of bias is low, however—we reversed our
prediction after data collection but before we analyzed the data and before
the results were known.

4. Type Hypotheses
Reason Stylistic
Timing After results known
Original wording Q2a: “Donors will show increased willingness to donate to

NGOs that are facing government crackdown or criticism”
Deviation description We rephrased this as H2: “If NGOs face legal crackdowns

abroad, then individual private donors will have a higher likelihood of sup-
porting or donating to them.”

Reader impact This deviation has minimal impact on readers’ interpretation of
the findings—it is only rephrased to follow an “if… then…” formulation.

5. Type Hypotheses
Reason New knowledge
Timing Accountability prediction added after data collection, but before results

were known; “if… then…” formulation added after results known
Original wording Q5b: “Donors will show increased willingness to donate to

NGOs that are criticized by the government/under government crackdown
when they are also financially transparent”

Deviation description We explore the interaction between (1) government crack-
down and financial transparency and (2) government crackdown and ac-
countability in the paper, but we only specified the first interaction in the
preregistration.

Reader impact This deviation might have some impact on readers’ interpreta-
tion of the findings. The omission of a prediction of the relationship be-
tween government crackdown and accountability was inadvertent and we
had intended to specify it. The risk of bias is low, as we added the new
crackdown+accountability hypothesis after data collection and before the
results were known.

6. Type Hypotheses
Reason Narrative
Timing After data collection, before results were known
Original wording Q1: Branding; Q3: Issue area; Q4: Funding sources
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Deviation description For the sake of narrative simplicity, we do not explicitly
test these three predictions as hypotheses. In this paper, our primary inter-
est is crackdown, transparency, and accountability, but we look at brand-
ing, issue area, and funding sources to help compare and give context to the
magnitude of our main hypotheses.

Reader impact This deviation might have some impact on readers’ interpreta-
tion of the findings, as it might appear that we have selectively reported
a handful of our predictions. To avoid this, and for the sake of full trans-
parency, we include these results in Figure 1 and Table A5. The risk of bias
is low—we decided on the narrative framing for this paper after collecting
the data but before analyzing the results.

Condensed preregistration

Consensed preregistration

This is an anonymized and condensed version of our full OSF preregistration
protocol.

Study information
Title WhyDonors Donate: Disentangling Organizational and Structural Heuristics for
International Philanthropy

Research Questions

OSF question

Please list each research question included in this study.

We use a conjoint survey experiment to examine the impact of organizational fea-
tures of nongovernmental organizations (NGOs) and the structural factors in target
countries in which they operate on donors’ decisions to engage in philanthropy. We
explore three research questions in this study:

1. Do donors rely on structuralcharacteristics of NGOs as heuristics when decid-
ing to donate? How do structural heuristics compare to organizational heuris-
tics?

Donors rely on shortcuts, signals, and heuristics to determine the trustworthiness
of NGOs, since seeking out complete information about an organization’s de-
servingness and efficiency is costly and time-consuming. Previous research has
found that an NGO’s organizational characteristics commonly serve as heuristics
for donors. Donors use an organization’s overhead costs, the issues it works on,
its transparency and accountability practices, and a host of other organizational
practices as signals of an organization’s efficiency and deservingness, which then
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influences their decision to make a donation. These kinds of heuristics are at-
tributes that organizations can typically control—NGOs can publish annual re-
ports, restructure their management, and engage in other strategies to appear
more worthy of donation.
Structural characteristics, such as the political and legal environment an NGO
faces in its host country, may also serve as signals to donors of NGO deserving-
ness. We are interested in whether the contentiousness of an NGO’s relationship
with its host government influences donor decision making. Do donors care if
nonprofits they care about are criticized by, persecuted by, or expelled from the
countries they work in?
We are also interested in the effect of organizational characteristics on donor
decision making. How do managerial practices (financial transparency and
accountability systems), funding sources (private donations and government
grants), and issue areas (emergency response, environmental issues, human
rights, and refugee relief) compare to structural characteristics when deciding
to donate? Which heuristics are more influential?

2. How do individual-level donor characteristics interact with structural and
organizational heuristics? Which kinds of people are more or less likely to
consider an NGO’s host country political environment, managerial practices,
funding sources, or issue area?

The decision to donate to an NGO is not determined solely by an organization’s
characteristics. Donors themselves have personality traits, preferences, and ex-
periences that make them more or less likely to engage in philanthropy. We
are interested in how individual donor characteristics, such as political ideology,
political knowledge, religious attendance, involvement in charitable activities, in-
volvement in activism, and demographic attributes interact with organizational-
and structural-level factors.

3. What is the optimal mix of attribute levels for NGOs interested in maximizing
donations?

Finally, given individual donor characteristics and preferences, we are interested
in finding the optimal mix of organizational and structural attributes. What
might an NGO try to emphasize in its marketing campaigns? Should it high-
light its funding sources, managerial practices, issue area, or relationship with
its host governments (even if that relationship is negative)?

Hypotheses

OSF question

For each of the research questions listed in the previous section, provide one
or multiple specific and testable hypotheses. Please state if the hypotheses are
directional or non-directional. If directional, state the direction. A predicted
effect is also appropriate here.
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For our first set of questions, we predict that:

1. Branding

• Donors will be more likely to donate to Oxfam and Red Cross compared to
Amnesty International and Greenpeace [Mechanism: awareness of need and
contentiousness of issue area]

2. Government crackdown

• Donors will show increased willingness to donate to NGOs that are facing gov-
ernment crackdown or criticism [Mechanism: Governments wouldn’t be crack-
ing down on them if they didn’t perceive a threat from themwhichmeans orga-
nizations implementing their missions effectively. This perception of efficacy
leads to increased donations.]

• Donors will show increased willingness to donate to Oxfam and Red Cross
when they are facing government crackdown or criticism compared to when
Amnesty or Greenpeace is facing crackdown.

3. Issue area

• Donors will show increased willingness to donate to NGOs working in less
contentious issue areas (emergency response and refugee relief) over more con-
tentious issue areas (environment and human rights)

• Donors will show increased willingness to donate to NGOs facing government
crackdown/criticism working in less contentious issue areas (emergency re-
sponse and refugee relief) over more contentious issue areas (environment and
human rights) [Mechanisms: Perceptions of deservingness of NGOs dealing
with emergency response and refugee relief. Donors are also more likely to do-
nate to programs that are compatible with government preferences and have
easily measurable outputs, which environment and human rights programs of-
ten lack. NGOs working on more contentious issue areas may be expelled or
shut down, which would be a waste of donor resources, make it less likely that
they donate to these groups.]

4. Funding sources

• Donors will show increased willingness to donate to NGOs that are funded pri-
marily by numerous small private donors compared to NGOs that are funded
by a handful of wealhty private donors and government grants [Mechanism:
Perception of efficacy - your contribution matters as a small donor. Govern-
ment funding may also imply lack of independence of government which can
reduce the efficiency of an organization.]

• Donors will show increased willingness to donate to NGOs that are facing
government crackdown and are funded primarily by numerous small private
donors
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• Donors will show increased willingness to donate to NGOs that are facing
government crackdown and are funded primarily by numerous small private
donors and work in less contentious areas (emergency response and refugee
relief)

5. Organizational practices

• Donors will show increased willingness to donate to NGOs that are financially
transparent [Mechanism: Perception of efficacy]

• Donors will show increased willingness to donate to NGOs that are criticized
by the government/under government crackdown when they are also finan-
cially transparent

• Donors will show increased willingness to donate to NGOs that are criticized
by the government/under government crackdown when they are also finan-
cially transparent and are funded primarily by numerous small private donors

• Donors will show increased willingness to donate to NGOs that are criticized
by the government/under government crackdown when they are also finan-
cially transparent and work in less contentious areas (emergency response and
refugee relief)

• Donors will show increased willingness to donate to NGOs that are criticized
by the government/under government crackdown when they are also finan-
cially transparent and work in less contentious areas (emergency response and
refugee relief) and are funded by numerous small donors

• Donors should be no more or less likely to donate to NGOs that are account-
able and hold regular third party audits [Mechanism: Donors don’t necessarily
seek assurance through third-party programs/audits and charity watchdogs,
but rather through word of mouth, personal scrutiny and local networks]

Because of the nature of our statistical methods, we do not have exact hypotheses
for the second and third set of questions. We describe how we answer these questions
in the “Follow-up analyses” and “Exploratory analysis” sections below.

Sampling Plan
Existing data Registration prior to creation of data

Explanation of existing data We will not use any existing data.

Data collection procedures

OSF question

Please describe the process by which you will collect your data. If you are us-
ing human subjects, this should include the population from which you obtain
subjects, recruitment efforts, payment for participation, how subjects will be se-
lected for eligibility from the initial pool (e.g. inclusion and exclusion rules), and
your study timeline. For studies that don’t include human subjects, include in-
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formation about how you will collect samples, duration of data gathering efforts,
source or location of samples, or batch numbers you will use.

Participants will complete a 10-minute survey on Qualtrics. A static version of the
survey is accessible at REDACTED.

Participants of the survey experiment will be recruited through Centiment, a com-
mercial online provider of high quality nonprobability opt-in survey panels. Centiment
ensures panel quality by actively recruiting representative samples of the US popula-
tion and provides monetary incentives and rewards to participants.

To see how varyingNGO characteristics influence the decision to donate, our sample
will be representative of a population of people who are likely to donate to charity. We
ask potential participants a screening question early in the survey (“Q2.5: How often
do you donate to charity”). If a participant responds that they give to once every few
years or never, they will be disqualified from the study and the survey will end early.

We will provide Centiment with a link to the survey, which is hosted by Qualtrics.
Centiment will then distribute the link to their panel. Participants are compensated
through Centiment’s internal reward system through cash, points, and other incentives.
Centiment does not provide precise details of participant compensation. Centiment
states that their compensation is “fair,” and the company’s business model encourages
the company to find andmaintain high quality panelists. We thus infer that the amount
provided is fair and justified. Centiment users receive compensation from the company
following the completion of the survey.

Sample size

OSF question

Describe the sample size of your study. How many units will be analyzed in the
study? This could be the number of people, birds, classrooms, plots, interactions,
or countries included. If the units are not individuals, then describe the size
requirements for each unit. If you are using a clustered or multilevel design,
how many units are you collecting at each level of the analysis?

Our target sample size is 1,000 participants.

Sample size rationale

OSF question

This could include a power analysis or an arbitrary constraint such as time,
money, or personnel.

A sample size of at least 500 respondents is typical for estimating a hierarchical
Bayesian model based on conjoint data. We double this amount because we are inter-
ested in analyzing subpopulations of respondents, which requires a larger sample, and
we had sufficient budget to acquire up to 1,000 respondents.
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Stopping rule

OSF question

If your data collection procedures do not give you full control over your exact
sample size, specify how you will decide when to terminate your data collection.

Centiment will monitor how many surveys are successfully completed and will so-
licit responses until our 1,000 target is met.

Design plan
Study type Experiment: A researcher randomly assigns treatments to study subjects,
this includes field or lab experiments. This is also known as an intervention experiment
and includes randomized controlled trials.

Blinding For studies that involve human subjects, they will not know the treatment
group to which they have been assigned.

Study design

OSF question

Describe your study design. Examples include two-group, factorial, randomized
block, and repeated measures. Is it a between (unpaired), within-subject (paired),
or mixed design? Describe any counterbalancing required. Typical study designs
for observation studies include cohort, cross sectional, and case-control studies.

We use a fractional factorial design. Since no single respondent can possibly see
all possible combinations of the attribute levels, we create a number of different ver-
sions of the experimental design. We utilize a hierarchical Bayesian model in part to
allow for information sharing across like respondents when estimating individual-level
preferences for the attribute levels.

Randomization
OSF question

If you are doing a randomized study, how will you randomize, and at what level?

Every respondent will be randomly assigned a version of the fractional factorial
experimental design.

Analysis Plan

Statistical models
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OSF question

What statistical model will you use to test each hypothesis? Please include the
type of model (e.g. ANOVA, multiple regression, SEM, etc) and the specification
of the model (this includes each variable that will be included as predictors, out-
comes, or covariates). Please specify any interactions that will be tested and
remember that any test not included here must be noted as an exploratory test
in your final article.

We will use a hierarchical Bayesian multinomial logit model with conjugate or oth-
erwise typical priors. The individual-level model is the multinomial logit and the upper-
level model of heterogeneity is multivariate normal,

𝛽 ∼ Multivariate𝒩 (𝑍Γ, 𝜉 )
𝑦 ∼ Multinomiallogit(𝑋𝛽, 𝜀)

where 𝑦 = which alternative the respondent chooses to donate, 𝑋 = design matrix
of attribute levels, 𝛽 = latent individual preferences for the attribute levels, 𝑍 = ma-
trix of individual-level covariates, Γ = matrix of coefficients mapping individual-level
covariates onto the latent individual-level preferences, and 𝜀 and 𝜉 = errors.

Inference criteria
OSF question

What criteria will you use to make inferences? Please describe the information
you’ll use (e.g. specify the p-values, Bayes factors, specific model fit indices), as
well as cut-off criterion, where appropriate. Will you be using one or two tailed
tests for each of your analyses? If you are comparing multiple conditions or
testing multiple hypotheses, will you account for this?

We will examine the aggregate marginal posterior distributions of the attribute lev-
els and use 95% credible intervals to establish “significance.” Effects are “significant” if
the 95% credible intervals don’t include 0. Similarly, marginal posterior distributions
are “significantly” different if the 95% credible intervals don’t overlap.

We will examine the marginal posterior distributions of the following models:

• Organizational and structural attribute levels with an intercept-only distribution
of heterogeneity

• Organizational and structural attribute levels with competing sets of covariates in
the distribution of heterogeneity

Finally, we will employ the posterior distribution of model parameters to conduct
counterfactual analyses via a market simulator to determine optimal policies.

Data exclusion
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OSF question

How will you determine which data points or samples (if any) to exclude from
your analyses? How will outliers be handled?

We ask potential participants a screening question early in the survey (“Q2.5: How
often do you donate to charity”). If a participant responds that they give to once every
few years or never, they will be disqualified from the study and the survey will end
early.

We include one question (“Q2.11: Please select blue from the following list:”) to
monitor respondent attention. In our analysis we will exclude respondents who fail
this question.

Missing data

OSF question

How will you deal with incomplete or missing data?

Because all survey questions are required, we do not anticipate issues with incom-
plete or missing data.
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